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IDFTransform [True

TFTransform | True

afributeindices  first-last

attributeNamePrefix

debug | False

dictionaryFileToSaveTo - set me —

doNotCheckCapabilities | False

doNotOperateOnPerClassBasis | False
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lowerCaseTokens | False
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Algorithms Test option Correctly Incorrectly
Cross-validation (10) folds 88,5545% 11,4455%
Meta J48 Percentage split 66% 87,3239% 12,6761%
Use Training 90,2873% 9,7127%
Cross-validation (10) folds 81,3725% 18,6275%
Naive Percentage split 66% 82,4279% 17,5721%
Bayes Use Training 89,6489% 10,3511%
Cross-validation ( 10) folds 87,6197% 12,3803%
Percentage split 66% 85,9155% 14,0845%
SVM
Use Training 96,808% 3,192%
Cross-validation (10) folds 65,9599% 34,0401%
Percentage split 66% 65,4594% 34,5406%
ZeroR
Use Training 65,9599% 34,0401%
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Sl ] SVl g s Recall
Cross -validation (10) folds 0,886
Meta J48

Percentage split 66% 0,873
Use Training 0,905
Cross-validation 10% folds 0,814

Naive
Percentage split 66% 0,824

Bayes
Use Training 0,896
Cross-validation 10% folds 0,876
SVM Percentage split 66% 0,859
Use Training 0,968
Cross-validation 10% folds 0,660
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Use Training 0,660
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